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II. RELATED WORK
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III. METHODOLOGY
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W E B (Network Mention Emotion)
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CEX

IV. Experiment

AR A E KKBOX #E#a g e R-FEEMN > £
2019 4 4 AAT4a ¥ A 86,168 Bk ey » M 2019/4 %
2019/7 FIRIA 4,297 Edkdh o HFIPEL PTT F £ 313%
BEEzadd > IREMTEA 17459 & (20%) > BIRXE
R A EH 1,014 & (23.5%) » a3t Bk 1o

*1
RGEIHERAETHE
Dataset Training Data Testing Data
Time Range | Before 2019-04 | 2019-04 2019-07
# Songs 86,168 (100%) 4,297 (100%)
PTT 17,459 (20.0%) 1,014 (23.5%)
B. P17+

HN ARG B EFORE ARXHAZET
R 8 35 42 345 2 e : RMSE(Root Mean Square Error) »
MAE(Mean Absolute Error) 2 MAPE(Mean Absolute
Percentage Error) 3 # A a2k - EH L - A3 Kk
EHABITHREN  €EERAPIHALFBN TG XK
F o R BEHRPIGORG KT ABABTTEHE
HBETREZHNATIOKF Tk - THEAHNSEE T
Fedh ~ KFFERBEE > BRSSP REIEE - RMSE €%
REE®RME - RZ ARSI EHERABH RIS - AN
THABEHOCEFTATE  NUAARELETRER N
W2 £ RMSE 3542 -
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EAHSUR T R AR - KRB SUF BB etk PTT #02
WREAMRAGRGETERA SN » LA LR G R
B AR R AN B EETHRAT AN
AR R B B TR - BRE = NEH PR
ey TR R #E (Network Mention Information) ; #2
M 48532 B W B (Network Mention Emotion) | » 44§ 4
A E) BB S R o NP e TR Ry 4F P o
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do & TIATT o /AP AR Ao N 4835 3% B B B o) R 46 45 B3
¥ % " Original Features | # % Baseline ( % —%]) - %3
AR AN B 6 AR R E A 0 BBt E GBM
#1 AutoMLP @942 % 348 » B AutoMLP f& %8 4% A sE
8 &R EAREY GBM B A © o N b B4R BOF F S3t
4B oAt 45 ReYEB EERMY - AR E AR
% o {7 GBM mE 0 AuAi@ S A EUR R 5 R AR o

AutoMLP ## %:%:® RMSE - MAE 2L & MAPE % =
BIPAEIERE  REZEAL - v AR ¢EHE RMSE
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Evaluation Function
Input # Features RMSE
GBM AutoMLP
Original Features 374 16,559 16,083
Mentions Per day +45 16,531 (0%) | 16,064 (0%)
Mention Trend +45 17,668 (7%) | 15,596 (-3%)
Singer Aggregation +3 16,522 (0%) | 16,275 (1%)
ngggrfgit?ffr +6 16,203 (-2%) | 15,461 (-4%)
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Ja AE AT B & 408 " Original Features | & 38R/ - R
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Evaluation Function
Input # Features RMSE MAPE MAE
GBM AutoMLP [ GBM [ AutoMLP GBM AutoMLP
Original Features 374 16,559 16,083 28.1 % | 29.0 % 5,936 5,635

4-Emotion 4 16,073 (-3%) | 15,587 (-3%) | 282 % | 28.9 % | 5,859 (-1.2%) | 5,701 (1%)
Song & Singer

Agggregatifn +6 16,203 (-2%) | 15,461 (-4%) | 28.2 % | 29.8 % |5,867 (-1.1%) | 5,757 (2%)
4-Emotion +

singer Aggregation +7 16,073 (-3%) | 15,135(-6%) |28.0 % | 28.5 % |5,859 (-1.2%) | 5,641 (0.1%)

ey o) FERATER BRERIN - oM EREFE (2
¥ AT it 69 BERT-AOA % R B AR & o A -
BRE Rk IVHT > MBER W F L T4
Emotion ; ¢ B MM AFT X LB A %L & GBM 2
AutoMLP # %! 78 58] 89 2 A6 » B AutoMLP /£ 3 58 % %,
E#E#» GBM A > 5@ EEL RN GBM £ - miE
AEABEERIMOHERE  AENIEEROEREE S
¥ he¥ TR R R BRI E MK E

% 1V
IR R X TR

Evaluation Function
Input Features # Features RMSE
GBM AutoMLP
Original Features 374 16,559 16,083
Emotion
Sentiment | Per day +45 | 16,410(-0.8%) | 15,997 (-0.5%)
Analysis | 3-emotion T3 16,480(-0.4%) | 16,262 (+1%)
4-Emotion +4 16,404(-0.9%) | 15,708 (-2.3%)
Aspect %;031;; +45 | 16,908 (2%) | 15,958 (-0.7%)
S/intllme.nt 3-emotion 3 16,321 (-1%) | 16,382 (+2%)
nalysis I Emotion + 16,073 (-3%) | 15,587 (-3%)
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F R EBRAGR ) B EERE (RMSE &Y 6%) °
R o #1434 MAPE f2 MAE 2t > #RAEE
M4 Emotion + singer Aggregation | % % AutoMLP #i#!
49 MAPE » A & GBM # A ¢y MAE & sl 2 R - H ek
18 # & "4-Emotion ; & "Song & Singer Aggregation |
g H GBM #A ey MAE skAe & Arekik -

V. Conclusion
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